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Federated Learning: Collaborative Machine Learning without Centralized Training Data
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Node LO L1 L2 L3 L4 L5 L6 L7 L8 L9 Summary
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Training Method

Accuracy [%]

Diff(FL) [%]

Diff(Self-Train) [%]

WAFL (static_line) 96.337=+0.595 -0.419 11.674
WAFL (static_tree) 95.906%£1.196 -0.850 11.243
WAFL (static_ringstar) 96.110+0.745 -0.646 11.447
WAFL (static_dense) 95.643+1.036 -1.113 10.98
WAFL (dynamic_rwp0500) 95.3891+1.218 -1.367 10.726
WAFL (dynamic_rwp1000) 95.230%£0.981 -1.526 10.567
WAFL (dynamic_rwp2000) 93.659+0.948 -3.097 8.996
WAFL (dynamic_cse02) 94.840+0.833 -1.916 10.177
WAFL (dynamic_cse04) 95.454+1.288 -1.302 10.791
WAFL (dynamic_cse08) 95.5601+0.946 -1.196 10.897

Self-Training

84.6631+1.285
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1. = Wi-Fi D APORSSHED RTHM o H O L& # TFEH VA BE

SSID BSSID RSSI CHANNEL HT CC SECURITY (auth/unicast/group)

sanshiro 74:88:bb:02:d7:c9 -90 100,+1 Y JP WPA2(PSK/AES/AES)

91A2-A-WPA3 90:96:f3:c4:15:9a -86 100 Y JP WPA2(SAE/AES/AES)
91A2-A 90:96:f3:c4:15:99 -85 100 Y JP WPA2(PSK/AES/AES)

elab-internal 04:fe:7f:a1:2d:43 -83 52 Y —— WPA2(PSK/AES/AES) 0 1
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